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Urban Contribution to Regional Innovation Polarization:
A Spatial Econometric Study Based on Decomposition of TW Index

Wang Chengcheng Li Hongmei Wei Shouming
( School of Management AnHui University HeFei 230601  China)

Abstract: Based on the data of 16 cities in Anhui Province for six years we used the decomposed TW index proposed the “urban
contribution to regional innovation polarization” and carried out the spatial econometrics research. The results showed that the number of
the innovation ability of cities in Anhui province was “dicaryon” distribution and the urban contribution to regional innovation polari-
zation was “I-section” distribution. The urban innovation ability in this region did not necessarily promote or push down the innovation
polarization of the whole region. The remission of polarization effect should focus on the cities with medium innovation ability. The urban
contribution to regional innovation polarization could accurately identify the internal reasons of polarization. In addition the urban con—
tribution to regional innovation polarization in Anhui Province had spatial negative correlation characteristics and the spatial pattern
was relatively stable. For instance Hefei Wuhu and Chizhou formed the center of innovation polarization in Anhui Province. The urban

contribution to regional innovation polarization in south of Anhui Province was staggered however the innovation polarization pole in
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Anhui Province was shortage. The urban contribution to regional innovation polarization in Anhui was evolved from Spatial Discrete to
Spatial Agglomeration.
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