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Research on evaluation method for urban land aseismic suitability based
on the logistic model
Yuan Yuan Chen Xinmin Yuan Zongpan
( College of Transportation Nanjing University of Technology Nanjing 210009 China)
Abstract: Evaluation on urban land seismic suitability can be graded by the probability of earthquake disaster.
Earthquake disaster of land occur or not is a typical problem of binary variables. Using logistic regression model to deal
with this kind of (0 1) inter probability problems can get ideal fitting effect which can provide more reasonable
quantitative indicators about evaluation on urban land aseismic suitability. Logistic regression analysis requires a large
sample data. The original data obviously can not meet the requirements for analysis which requires the use of spatial
analysis capabilities of GIS spatial interpolation to obtain a sufficient data. SPSS numerical computing software is used to
analyze binary logistic regression model. The quantitative evaluation method of urban land seismic suitability can be used
with Nanjing as a example. Firstly the evaluation system and evaluation index assignment of Nanjing can be get through
studying the specific geological conditions of Nanjing. Secondly the weight of evaluation indicators and the formula of the
probability of the earthquake disaster on urban land can be obtained by using logistic model. Finally the calculated
probability of earthquake disaster was used to achieve the purpose of quantitative evaluation of land seismic suitability.
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